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Abstract:

Subjective well-being, by definition, is a construct that relies on people's subjective evaluation of their lives
as a whole. The subjective nature of the construct makes self-report a natural method for assessing SWB.
However, the psychometric properties of these measures still must be questioned and assessed, both using
traditional techniques for evaluating reliability and validity, and using more targeted approaches for
understanding the processes by which respondents make these judgments. This chapter reviews the
evidence about the nature and psychometric properties of self-report measures of SWB, including
traditional global measures of life satisfaction and positive and negative affect, and more recently
developed experiential measures including experience sampling and the day reconstruction method.
Although specific questions remain about the processes underlying SWB judgments and certain limitations
exist, research shows that the psychometric properties of these measures are generally quite good.
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There are many reasons why applied and theoretical researchers seek simple, well-validated measures
of the quality of a person's life as a whole. Such measures can help clarify which life circumstances or
individual-level characteristics are critical ingredients of "the good life," and these findings can in turn
reveal fundamental features of human nature. For instance, external circumstances that are reliably
associated with differences in well-being could provide information about basic needs that must be satisfied
for humans to flourish (Baumeister & Leary, 1995; Wilson, 1967). Similarly, individual-level
characteristics or personality traits that reliably predict well-being may point towards critical skills or
approaches to life that foster high levels of well-being. Such findings could be used by applied researchers
at the individual level to guide personal life decisions and at the societal level to guide public policy
(Diener, Lucas, Schimmack, & Helliwell, 2009).
A minimal amount of introspection reveals, however, that different life circumstances are likely to
affect different people in different ways. Although strong social relationships and a meaningful career may
both, on average, contribute to a good life, it also seems likely that the value that people place on these two
characteristics will vary across individuals; some people may be willing to sacrifice some degree of
relationship quality to obtain a successful career, whereas others may make the opposite choice. Thus, to
capture one's overall quality of life, some amount of subjectivity must be incorporated into this evaluation.
Subjective well-being (SWB) is a construct that focuses explicitly on these subjective evaluations.
Indeed, one simple, over-arching definition of SWB is that it represents "a person's subjective evaluation of
the quality of life as a whole." This definition acknowledges that the subject's own evaluation is prioritized,
which means that different people can evaluate the same objective life circumstance in different ways and
can weight different life domains differently. In addition, the focus on "life as a whole" means that the
totality of one's experiences and circumstances add up to an overall sense of quality of life, and that
different life circumstances may balance each other out in their impact on the overall evaluation. SWB can
be contrasted with objective list definitions of well-being, which typically identify a limited set of
measurable dimensions that must be considered, without input from the subject himself or herself, to obtain
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an overall evaluation of the quality of life (see Diener et al., 2009, for a discussion). SWB researchers
typically object to such objective list approaches by pointing out both that it is difficult, if not impossible, to
develop uncontroversial lists of important domains, and that empirical evidence suggests that people do
weight domains differently.
One implication of this focus on subjective evaluations is that the study of SWB appears, necessarily,
to require the use of self-report measures. If researchers wish to capture a person's own evaluation of his or
her life, then it is difficult to think of alternatives to self-report measures. Unfortunately, self-reports have
known limitations (Lucas & Baird, 2006; Paulhus & Vazire, 2007), which can lead to concerns about the
psychometric properties of existing self-report well-being measures. Thus, it is especially important to
consider the evidence that exists for the reliability and validity of subjective well-being measures. Because
there is no gold-standard measures against which self-reports can be compared (as there might be for other
constructs that can be assessed by self-reports, like height or one's grade point average), the process of
validating measures of SWB can be challenging. In general, the process proceeds by considering evidence
for reliability and construct validity, and also by addressing specific theoretical questions about how SWB
evaluations are made. In this chapter, I review the evidence for the reliability and validity of SWB
measures, along with the critiques of these measures and the alternatives that have been proposed.

Self-Report Approaches to Measuring Subjective Well-Being

Many different approaches to evaluating SWB have been developed, with the simplest consisting of
brief, self-reported evaluations of the quality of one's life as a whole. For instance, single-item life
satisfaction measures that ask "All things considered, how satisfied are you with your life as a whole" are
often included in large-scale panel studies and national surveys. Multiple-item versions of these measures
have also been developed, typically with similarly worded questions that tap into this overall sense that
one's life is going well (e.g., Diener, Emmons, Larsen, & Griffin, 1985; Lyubomirsky & Lepper, 1999).
Diener (1984) noted that these judgments of life satisfaction form a class of measures that he referred
to as being "cognitive" in nature. This term reflects the fact that answering such questions requires
respondents to reflect on their lives and consciously select a response that best reflects their overall
evaluation. Diener noted that such cognitive judgments could be contrasted with a separate class of
evaluations that are based in respondent's typical affective experiences (e.g., Watson, Clark, & Tellegen,
1988). The reasoning behind the use of such measures is that those whose lives are going well should
typically experience high and frequent levels of positive affect, along with low and less frequent
experiences of negative affect. Thus, an overall evaluation of life could be obtained by capturing a person's
typical levels of affect. Diener noted that these different components of SWB may ultimately result from
different causes, and thus, should be assessed separately to obtain a more complete evaluation of one's life
as a whole (though Busseri & Sadava, 2011, noted that there is some amount of conceptual ambiguity in
this tripartite model of SWB that could be clarified with additional theoretical precision; also see
Schimmack, 2008).
Traditionally, both the cognitive and affective components of SWB were assessed using global,
retrospective (or "evaluative") measures that required respondents to think back on their lives and the
characteristics of those lives to come up with judgments of life satisfactions or ratings of the frequency or
intensity of affective experiences over some extended period (Watson et al., 1988). However, there is
reason to believe that such retrospective evaluations of affective experience may not accurately capture the
actual experiences that people have in their daily lives. For instance, Robinson and Clore (2002) noted that
different processes are likely used to make judgments about one's current affective experience, one's very
recent affective experiences, and one's affective experience from far in the past. Specifically, they argued
that people can typically report with some degree of ease about their current affective experiences simply
through careful introspection, but that past experiences are rated by accessing episodic and semantic
knowledge. The more recent the experience, the more likely respondents are to rely on episodic memories
of the actual experience; the more distant, the more likely respondents are to rely on semantic knowledge or
stereotypes about how one typically feels in similar situations. Thus, they argued, different time lags lead to
differential accuracy, if the criterion is the actual emotional experiences that would have been reported in
the moment. In addition, some research suggests that when asked to aggregate over extended periods of
time, certain biases affect this aggregation process, leading to global evaluations that do not match with the
actual experiences as it occurred (Kahneman, Fredrickson, Schreiber, & Redelmeier, 1993; Redelmeier &
Kahneman, 1996).
Because of the potential for inaccurate reconstructions of one's affective experience at some earlier
point in time, some researchers have suggested that we should distinguish between measures that focus on
retrospective evaluations and those that capture people's emotional reactions to life as it is lived (Kahneman
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& Riis, 2005). For instance, it is possible to use experience sampling methods, where respondents are
signaled multiple times per day (typically, using mobile phones) and asked to complete surveys about what
they were doing, who they were with, and how they were feeling (Mehl & Conner, 2013). Kahneman
(1999) argued that the benefits of these momentary---or experiential---reports (namely the fact that they
avoid problems with inaccurate memories and aggregation biases) makes them closer to a measure of
objective happiness than more evaluative, retrospective measures. Of course, this is an argument that must
be evaluated with empirical data, as this approach may introduce new methodological problems that do not
exist with more traditional retrospective methods (a concern I address below).
Finally, because methods like the experience sampling are extremely time- and resource-intensive,
both for the researcher and the participant, new methodologies that combine the strengths of these
experiential measures with the efficiency of more traditional questionnaire measures have been developed.
For instance, Kahneman, Krueger, Schkade, Schwarz, and Stone (2004) proposed a new technique, one
based in existing approaches to assessing time use, to assess affective experiences throughout the day.
Their Day Reconstruction Method involves respondents breaking their day down into distinct episodes that
represent coherent blocks of time that share some respondent-defined characteristic (e.g., "eating
breakfast," "walking the dog," or "cleaning the house"). Participants are asked to list all episodes they
engaged in throughout the day, to describe the features of these episodes (e.g., what the participants were
doing, who they were with, where they were), and to report the affect that they experienced during each
episode. The idea is that these day reconstructions, if completed relatively close in time to the actual
experience, will capture relatively accurate episodic memories of the recent events. Thus, they would have
many of the advantages of the experience sampling method, while only requiring a single, constrained
assessment occasion. Again, as with the experience sampling method, these reasonable assumptions can be
validated with empirical evidence.

The Reliability and Validity of Subjective Well-Being Measures

As I noted above, unlike certain self-report measures (such as those for height, weight, grade point
average, or even for some ratings of physical health), there is no gold standard against which self-report
measures of SWB can be compared. By definition, the evaluation is a subjective one, and thus, it captures
internal thoughts and feelings that are not visible to outside observers. This fact, however, does not mean
that self-reports themselves are unimpeachable sources of information about people's SWB. People may
misremember their affective experiences, may disproportionately weight certain irrelevant sources of
information when deriving a cognitive judgment of life satisfaction, may be unable to translate an internal
feeling to a meaningful response on an experimenter-provided scale, or may be unwilling to provide an
honest response when questioned about their well-being (see Schwarz, 1999, for a general discussion of
many of these issues). Thus, it cannot be taken for granted that any measures of SWB---self-report or
otherwise---reliably and validly captures the evaluation of interest.
In general, the quality of SWB measures has been assessed using traditional approaches to
understanding psychometric properties. For instance, indexes of reliability can be used to assess the extent
to which measures are free from measurement error. For multiple-item measures, this is typically assessed
using internal consistency coefficients, and for most measures, these coefficients tend to be high, reflecting
the fact that items that are typically included in well-being measures tend to be moderately to strongly
correlated (see, e.g., Diener et al., 1985). The reliability of single-item measures is slightly trickier to
assess, because internal consistency coefficients cannot be used to assess reliability. The reliability of these
measures is especially important, however, as single-item scales are often included in large-scale surveys.
Fortunately, because the conditions of people's lives tend to be relatively stable, at least over short periods
of times (e.g., most people's income, employment status, marital status, and health are stable in the short
term), one would expect measures that are based, at least in part, on these circumstances, to be relatively
stable, too. With this assumption in mind, short-term stability coefficients, or even longer-term stability
coefficients with varying intervals can be used to assess the reliability of the measures.
For example, Lucas, Freedman, and Cornman (in press) assessed the stability over the course of a onehour interview in a group of participants who had also been assessed numerous times over the previous six
years. This research design allowed the authors to estimate stability over a very short interval, to assess the
extent to which the two measures of life satisfaction were related to measures of life satisfaction assessed in
prior years, and to test whether survey content administered between the two measures influenced the
ratings that respondents provided. Together, these analyses provide information about the reliability of
single-item measures and the extent to which any instability is due to systematic effects. Their results
showed that although stability over the hour-long interview was only .62, the measure assessed at the
beginning of the survey correlated just as strongly with prior years' assessments as did the measure
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assessed at the end of the survey (with correlations in the range of .40-.50). Moreover, the intervening
survey content appeared not to have a major impact on the final life satisfaction rating.
Other research has used multi-wave data to estimate the reliability of these single-item measures of life
satisfaction (see Alwin, 2007; Kenny & Zautra, 1995 for general approaches to accomplish this goal). For
instance, Lucas and Donnellan (2007) used two long-running panel studies to separate stable trait variance,
reliable but slowly changing autoregressive variance, from unstable state variance in life satisfaction (which
can serve as an estimate of measurement error). They estimated the reliability of life satisfaction to be
approximately .67. Similarly, Lucas and Donnellan (2012) extended these analyses to four panel studies
and used measures of domain satisfaction to separate reliable state variance from measurement error, and
they found reliability estimates closer to .75. These estimates are also reasonably consistent with metaanalytic analyses conducted by Anusic and Schimmack (2016) and Schimmack and Oishi (2005).
Together, these results suggest that single-item measures have a reasonable degree of reliability (for a more
detailed review of the evidence for the reliability of single- and multiple-item measures of SWB, see
Chapter 5 of Diener et al., 2009).
Assessing reliability is relatively straightforward, as this psychometric property can be described using
quantitative indexes. Validity, however, is more complex and more difficult to establish in any sort of
definitive way. Although validity is often simply defined as whether a test measures what it is supposed to
measure, providing evidence for validity has proven to be controversial (see Borsboom, Mellenbergh, &
van Heerdan, 2004, for a review and discussion). For instance, in contrast to the simple definition provided
above, Messick (1995) suggested that validity could be defined as "an overall evaluative judgment of the
degree to which empirical evidence and theoretical rationales support the adequacy and appropriateness of
interpretations and actions on the basis of test scores or other models of assessment" (p. 741). This
definition emphasizes that validity reflects a judgment that is based on theories of the underlying construct
that one hopes to assess.
Diener et al. (2009) reviewed evidence for four types of validity that could be considered when
evaluating self-report SWB measures. The weakest form is face validity, which simply refers to whether
the measure appears to measure what it is supposed to measure. Most SWB measures have high levels of
face validity, though it is possible to come up with reasons why face valid measures may not be desirable
or reasons why measures that lack face validity can serve as useful tools for assessing the construct. Thus,
researchers tend to focus on the other three forms of validity.
Content validity refers to the extent to which the measure in question captures the breadth of the
construct of interest, without including content that should theoretically be excluded. Diener et al. (2009)
noted that there are two types of measures where content validity is typically a concern. First, for
multifaceted measures of well-being, such as the Oxford Happiness Scale (Hills & Argyle, 2002), one
could raise concerns about the inclusion of irrelevant content. For example, this scale includes the item "I
think I look extremely attractive" which is not a face valid indicator of SWB. It is possible that happy
people are more likely to endorse this item, regardless of their objective appearance, in which case content
validity may not be affected by the item's inclusion. However, if the item truly taps the respondent's
objective appearance, then the item could shift the focus of the total scale score away from its desired
target.
The second type of scale for which content validity is typically a concern is for measures of the
affective components of SWB. For many years, debates have taken place about the number and nature of
affective dimensions that exist, and these debates shape the measures that are used to assess affective wellbeing. For instance, the widely used Positive and Negative Affect Schedule (PANAS; Watson et al., 1988)
does not include items assessing face valid indicators of affective well-being such as happy or sad. This is
because the measure was designed to assess particular forms of positive and negative affect that are based
on underlying theories about the nature of affective experiences. Researchers who use affective well-being
scales should consider these existing theories and choose measures that best tap the content that they
believe is theoretically most relevant (for instance, alternatives to the PANAS like the Scale of Positive and
Negative Experiences [SPANE; Diener, Wirtz, Kim-Prieto, Choi, Oishi, & Biswas-Diener, 2009] may
provide a better match with some measurement goals).
Convergent and discriminant validity are complementary forms of validity that reflect the extent to
which a measure correlates strongly with other related measures (convergent validity) and correlates
weakly or not at all with measures to which it should be unrelated (discriminant validity). In terms of
convergent validity, it is especially important to show that different measures of the same construct cohere
even when assessed using different methods of assessment. This is because correlations between measures
can be inflated by shared method variance that may be independent of construct variance. Numerous
studies show that standard, widely used measures of SWB tend to show reasonable levels of convergent
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and discriminant validity, even when different methods of assessment are used (Lucas, Diener, & Suh,
1996). For instance, Schneider and Schimmack (2009) reported a meta-analytic average correlation of .42
between self- and informant reports of well-being.
The final form of validity, and the most complicated to assess, concerns construct validity (Cronbach
& Meehl, 1955). This form of validity reflects the extent to which a measure behaves as it would be
expected to behave, given theories about the construct itself. Thus, to test construct validity, one must have
some idea about how a measure should relate to additional constructs. Diener et al. (2009) reviewed a
broad range of correlates of SWB, including income, social relationships, and relevant behaviors. They
conclude that widely used measures of SWB show relatively strong evidence for construct validity. For
instance, there is strong reason to expect that income would be related to well-being, given that money can
purchase many of the things that might be expected to cause high well-being; and indeed, income is
consistently related to measures of SWB (Lucas & Schimmack, 2009). Similarly, if low levels of life
satisfaction reflect a genuine evaluation of one's life as being of poor quality, one might expect scores on
life satisfaction measures to predict suicidal behaviors, which appears to be the case (Koivumaa-Honkanen
et al., 2001). Other studies show that domain-specific well-being measures predict relevant behaviors within
those domains (e.g., job satisfaction predicts turnover; Tett & Meyer, 1993). Although this is just a brief
overview of the type of evidence that can be used to assess validity, prior in depth reviews suggest that
established SWB measures show an impressive degree of validity (Diener et al., 2009).
Although reliability is often a concern with single-item measures, there can also be reasons to be
skeptical about the validity of such short measures. This is because psychological constructs are often
complex, and it may be difficult to capture this complexity in a single item. For instance, personality traits
like extraversion are often difficult to capture with a single-item because the construct itself is multifaceted.
SWB constructs like life satisfaction, however, are often much simpler. It may be more reasonable to assess
one's overall satisfaction with life with a single-item than it is to assess broad personality traits or attitudes.
Indeed, multiple-item measures of life satisfaction often have items that are very close in meaning to one
another, and those items that deviate often perform worse than the more straightforward items (Oishi,
2006). In any case, evidence suggests that when single- and multiple-item measures are compared, they
tend to perform similarly. For instance, Cheung and Lucas (2014) used data from large, representative
samples to compare the associations between various criterion variables and both single- and multiple-item
measures, and they found that correlations tended to be very similar in size. They concluded that there was
not a loss of validity when single-item measures were used.

The Judgment Model of Subjective Well-Being

One of the biggest challenges to the validity of SWB measures comes from the judgment model of
SWB (Schwarz & Strack, 1999). This model starts with the reasonable assumption that when asked about
their well-being, respondents do not have a response stored in memory that can simply be accessed and
reported. Instead, respondents must construct a response at the time of judgment. Researchers who work
from this judgment-model tradition consider the various steps that take place when such a judgment is
formed, and they investigate various sources of validity and invalidity that affect each step of the process.
For instance, because respondents may not have the ability or motivation to consider all relevant
domains of their lives when making a life satisfaction judgment, it is possible that they rely on various
heuristics to quickly derive an appropriate response to an experimenter's question. Most famously, Schwarz
and Clore (1983) suggested that respondents may rely on their current mood at the time of the judgments as
a proxy for how they feel about their life overall. To provide evidence for this possibility, Schwarz and
Clore (1983) manipulated mood (in one study, by having respondents write about positive or negative life
events, and in a second by contacting participants on days that varied in the pleasantness of the weather)
and then asked participants to report on their satisfaction with life (the experimenters made sure to present
the life satisfaction question as if it were part of an unrelated task so that participants would not make a
connection between the mood induction task and the well-being question). In accordance with their
predictions, Schwarz and Clore (1983) found that those who were exposed to the positive mood induction
procedures reported much higher life satisfaction than did those exposed to the negative mood induction
procedures.
Importantly, the authors included additional conditions in their design to provide support for the idea
that respondents heuristically rely on mood as a proxy for a broader life satisfaction judgment. Specifically,
in additional conditions, the authors drew respondents' attention to the fact that the mood they were
currently experiencing may have resulted from the prior induction. By making the cause of the mood
salient, the authors argued, respondents would be less likely to rely on this mood when making the life
satisfaction judgment. Again, results supported this hypothesis: the previously described mood effects on
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life satisfaction judgments were eliminated when the cause of the mood was made salient. Subsequent
studies replicated these results with additional mood inductions, including having one's favorite soccer
team win or tie an important game or having participants complete the well-being questionnaire in a
pleasant or unpleasant room (Schwarz, Strack, Kommer, & Wagner, 1987).
In a related series of studies, Schwarz, Strack, and colleagues suggested that the specific sources of
information that are used when evaluating SWB can be influenced by contextual factors. Specifically,
people base their judgments about the quality of their lives on different life domains, depending on which
of these domains are salient at the time of the judgment. For instance, Strack, Martin, and Schwarz (1988)
asked respondents about their satisfaction with life and their satisfaction with dating in one of two
conditions: either with the dating question asked immediately prior to the global life satisfaction question or
immediately following the question. The idea was that if satisfaction with dating was made salient, then
respondents would be more likely to incorporate this specific life domain into their overall evaluation of
life than if the domain had not been made accessible. Again, the results supported this prediction, with
much stronger correlations between the two questions when the domain satisfaction rating was presented
prior to the life satisfaction question. Schwarz and Strack (1999) review additional studies that further
clarify how this information is used in global well-being judgments, along with other contextual factors
(such as information about social comparison or subtle features of questionnaire design) that can impact
global well-being judgments in ways that potentially affect the validity of the measures. This programmatic
line of research has had an important impact on perceptions of the validity of global self-reports of SWB
(e.g., Kahneman & Krueger, 2006).

Concerns About the Judgment Model

In recent years, broad concerns have been raised about standard research practices in the field,
especially within (though certainly not limited to) specific domains in social psychology (Bakker, van Dijk,
& Wicherts, 2012; Open Science Collaboration, 2015; Simmons, Nelson, & Simonsohn, 2011). These new
methodological critiques suggest that certain "standard operating procedures" within the field can lead to
high rates of false positive findings. These methodological practices include the reliance on very small
samples, which can increase the rates of false positives that make it in to the published literature (Bakker et
al., 2012); an aversion to publishing replication studies (Makel, Plucker, & Hegarty, 2012) and null results
(Ferguson & Heene, 2012); and flexibility in analyses, which, when combined with natural tendencies to
fall prey to confirmation bias, allow for capitalization on chance in support of a prediction (Gelman &
Loken, 2013; Simmons et al., 2011). Because most of the published findings that support the judgment
model were published at a time when these problematic methodological practices were the norm, it is worth
revisiting the findings to determine whether the evidence is as strong as its advocates claim.
Indeed, a close look at the studies that are typically cited in support of the judgment model suggest that
there is cause for concern. First, sample sizes from these studies are almost always extremely small (though
for an exception, see Deaton, 2012). For instance, Yap et al. (in press) reviewed as many studies as they
could find that examined the effect of mood on life satisfaction judgments and they reported that these
studies had an average of just 11 participants per cell---a sample size that could only detect very large
effects.
Second, the effect sizes that are typically found are arguably too large to be plausible given the
hypothesized processes that underlie these effects. The effect of a mood induction procedure on life
satisfaction judgments should result from the multiplicative effect of the induction on mood and the
subsequent effect of mood on life satisfaction judgments. In turn, this means that the effect of a mood
induction on life satisfaction judgments will necessarily be smaller than the effect of the induction on
mood or mood on life satisfaction. Furthermore, one could derive plausible expectations for effect sizes
from what we know about the typical effect sizes for mood induction procedures and for the association
between mood and life satisfaction. As Yap et al. (in press) showed, however, effect sizes for the effect of
mood induction procedures on life satisfaction judgments have typically ranged from ds of 1 to 2.5, which
are equal to or even exceed the typical manipulation check effect sizes for mood inductions themselves
(Westermann, Spies, Stahl, & Hesse, 1996)!
Finally, there is considerable evidence of analytic flexibility across studies, where different analyses
are used and different effects emphasized (e.g., interaction versus simple effects) even when very similar
designs were used. Together, these patterns suggest that large-sample replications would be needed before
strong conclusions about the replicability and robustness of effects from the judgment-model tradition can
be drawn.
Partly in response to these concerns, researchers have begun to reexamine classic effects from the
judgment-model tradition using much larger sample sizes than in the originals. For example, Yap et al. (in
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press) conducted nine replication studies with sample sizes that were five to ten times as large as those
from the originals to examine the effect of mood on life satisfaction judgments. Effects were typically not
significant, and those that were significant were considerably smaller than those from the original studies.
Overall, meta-analytic estimates from the nine studies were less than one-tenth the size of the average
effect from the original work (with ds around .15). These studies suggest that mood has only weak effects
on life satisfaction judgments.
Moreover, these replication studies are consistent with other large sample studies investigating context
effects on SWB judgments. For instance, Lucas and Lawless (2013) used a sample of almost one million
U.S residents to examine the effect of current weather conditions on life satisfaction judgments. Even
though they had considerable power to detect ever very small effects, they found no evidence that weather
systematically influenced satisfaction judgments. In addition, in a study specifically designed to examine
the extent to which naturally occurring fluctuations in mood were associated with fluctuations in life
satisfaction judgments, Eid and Diener (2004) assessed both multiple times over a three-month period.
They showed that although mood fluctuated considerably across occasions, life satisfaction judgments did
not. Furthermore, the transient component of life satisfaction was only weakly associated with changes in
mood, confirming with a different designs the results from Yap et al. (in press).
Additional studies have examined other context effects predicted by the judgment model and have had
similar problems replicating the original findings. Most notably, Schimmack and Oishi (2005) conducted a
number of studies examining item-order effects, in which the association between satisfaction with a
specific domain and satisfaction with life as a whole varies depending on whether the domain was assessed
prior to or after the global judgment (e.g., Strack et al., 1988). Schimmack and Oishi failed to replicate the
large differences found in the original studies, and they showed in a meta-analysis that most studies that
have tested for item order effects show only small differences across conditions. Schimmack and Oishi
concluded that manipulating the order of items should, theoretically, not have large effects, as domains that
are likely to be considered in global judgments (such as health or romantic relationships) are typically
chronically salient, and thus will be included in global judgments even if the context does not make them
salient. On the other hand, domains that are not chronically salient (e.g., the weather, local public
transportation) are unlikely to be considered relevant for global life satisfaction, and thus will not affect
satisfaction judgments even when made salient. Thus, they argued, item order effects should not be
expected to be pronounced; a prediction that is supported by their large-sample studies and meta-analysis.
It is true that at least one large-sample context effect was found that had more than a modest effect
size. Deaton (2012) showed that in Gallup data, asking questions about politics before a question about
subjective well-being led to a moderate drop in life satisfaction, compared to a condition where these
political questions were omitted. Although the mechanisms underlying this effect have not been determined
(see, e.g., Lucas, Oishi, & Diener, 2016), the fact that this effect emerged in a large sample study must be
acknowledged. Importantly, however, Deaton also showed that the effect was eliminated very easily simply
by asking a buffer question that returned focus to the person’s life before asking the well-being question.
Future research can clarify when and how these effects emerge or can be prevented.
Research from the judgment model is valuable in that it pushes well-being researchers to consider the
processes by which respondents formulate and report responses to questions about their SWB. The theory
itself is straightforward and elegant, and it is likely that the processes identified by judgment-model
researchers can impact life satisfaction judgments (as they have been shown to affect judgments in a wide
range of circumstances). The important practical question, however, is not whether these processes exist,
but how much they affect the psychometric properties of well-being judgments. It is possible, for instance,
that the heuristics that the judgment-model researchers have identified represent just one of many processes
that people can use to formulate well-being judgments, and any problems for validity that these processes
introduce are outweighed by more straightforward and intuitive processes that positively impact the validity
of these measures. Thus, it is important not only to look for evidence of underlying processes posited by the
judgment model, but also to explicitly test the extent to which these processes undermine the validity of
these measures as typically used. The research reviewed above suggests that context effects predicted by
the judgment model tend to be very small; a conclusion that is supported by the considerable evidence for
reliability and validity of SWB measures.
Comparing the Psychometric Properties of Global and Experiential Measures
If the two main categories of self-report measures of well-being are global measures and experiential
measures, then a final issue to consider concerns the comparison between the two in terms of their
psychometric properties. Remember, the idea behind the latter experiential measures is that assessing
affective reactions at the time they occur (or very soon after) reduces memory problems and prevents
biases that result from aggregation. Thus, it is often argued that such measures will have more desirable
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psychometric properties than global measures (Kahneman, 1999). However, it is possible that these
methods have unique psychometric problems that don't affect global measures. In addition, the relatively
high level of respondent burden means that respondents are often assessed over a very short period of time,
which can lead to concerns about the stability of results that are obtained. In other words, if respondents are
asked to complete a day reconstruction method report for a single day of their lives, will the affect they
experience generalize to other days and reflect a stable sense of well-being?
In their initial development efforts, the researchers who proposed the day reconstruction method did
not assess long-term stability, but recent efforts have begun to provide information on this topic. For
instance, Krueger and Schkade (2008) tested short-term stability and found that it was comparable to global
measures of life satisfaction, even when only a single day of experiences was sampled. Similarly, both
Hudson, Anusic, Lucas, and Donnellan (in press) and Hudson, Lucas, and Donnellan (2016) tested fourweek stability of DRM measures, with results showing moderate stability, with correlations in the range of
.40 to .60. Hudson, Lucas, and Donnellan (2016) used four waves of data, each separated by a year-long
interval, to test the long-term stability of the day reconstruction methods. Again, even though just a single
day of experiences was sampled, year-to-year stabilities were moderate and only slightly weaker than those
from global measures like a single-item life satisfaction scale. Thus, it appears that relatively stable, traitlike measures of well-being can be obtained even from a single day's worth of reports.
These studies have also begun to compare the convergent and construct validity of global and
experiential measures using large samples of participants. Anusic et al. (2017), for instance, used data from
a three-wave study to examine the correlations between global and day-reconstruction-based measures of
well-being and informant reports and relevant criteria (also see Hudson et al., 2016, for a similar study
with similar conclusions). These studies show that global self-reports typically correlate as strongly or even
more strongly with alternative measures and relevant criteria as compared to experiential measures derived
from the day reconstruction method.
Given the theoretical arguments for the superiority of experiential measures over global measures,
why don't experiential measures show enhanced validity when compared directly to global measures (at
least in these initial studies)? One possible reason is that the two types of measures assess two distinct
underlying constructs. For instance, Diener and Tay (2014) suggested that global measures are better at
tapping experiences that are contextualized within a person’s life schema, and that this allows these
measures to predict a wider range of meaningful outcomes than more experiential measures that lack such
contextualization.
Alternatively, it is possible that the unique demands of the experiential measures create specific
threats to validity that do not apply to global measures. For instance, Watson and Tellegen (2002) argued
that when respondents are asked to repeatedly respond to affect questions, unwanted response-style
variance can, because of aggregation, get amplified relative to the variance that taps the underlying
construct. Furthermore, additional research shows that asking respondents to repeatedly answer the same
question over and over again can change respondent's interpretation of the questions.
For instance, Baird and Lucas (2011) examined this issue in a different domain: the repeated
assessment of personality across different situations. They found that respondents reported more variability
and greater impact of situational features when they were asked to report their personality multiple times in
different situations than if they were asked to report on their personality in just one situation. In other
words, when asked how extraverted they were in a specific situation, respondents exaggerated the effect of
the situation when they were asked about multiple situations than when they were asked just about one. It
is possible that experiential measures like experience sampling or day reconstruction methods
communicate to respondents that they should emphasize the changes that occur from situation to situation
rather than the stability that they experience. If so, this may affect associations between experiential
measures and stable predictors of well-being. All in all, although experiential measures are especially
useful when assessing changes in affective experiences over short periods of time, they do not have a clear
advantage over global measures when used to assess stable levels of well-being. Of course, more research
that directly compares the psychometric properties of these two forms of measures is needed.

Conclusion

The domain of SWB, by definition, focuses on people's subjective evaluations of their lives. Thus,
there is a strong emphasis within SWB research on self-reports of the construct, as such subjective
evaluations may best be assessed by asking the subject themselves. However, the subjective nature of the
construct does not mean that self-reports are an unimpeachable source of information about the construct.
As with all measures, the psychometric properties of these instruments must be assessed.
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Fortunately, existing research suggests that SWB measures typically have desirable psychometric
properties, including relatively high levels of reliability, convergent, discriminant, and construct validity.
To be sure, these measures, like all self-report measures, are not perfect. Research from traditions such as
the judgment model of SWB provide the means of testing some of the processes underlying well-being
judgments, and when combined with more traditional approaches to evaluating psychometric properties,
this research can help clarify the relative strengths and weaknesses of these approaches. Thus, research on
the properties of self-report measures can not only strengthen conclusions from research that uses those
methods, but can also help clarify what SWB is and how people go about evaluating their lives.
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